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Wood Stresswave Detection Based on Improved Tomography Image Reconstruction Algorithim of ART

LIU Jia-xin, CAI Yan-li, YUE Qiang ( College of Machinery Electricity of Northeast Forestry University, Harbin, Heilongjiang 150040 )
Abstract
and the ART algorithm and its improved algorithm are illustrated. On this basis, combining the above study of imaging principle, expounds the

This paper firstly introduces the physical basis of imaging, has a briefly introduction of various methods of reconstruction algorithms

principle and test method of stress-wave tomography technique which is applied to the wood defects detection, and through the medium model

and actual test model, the image definition comparison of two methods of reconstruction verify the rationality and feasibility of this algorithm re-

spectively by the reconstruction algorithm and improved ART algorithm to get the wood defect images.
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