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On Forest Fire Recognition Technology Based on Multi-feature Fusion and Support Vector Machine
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Abstract

(Institute of Information and Computer Engineering, Northeast Forestry University, Harbin, Heilongjiang

New color features extraction method was used aiming at forest fire, with image color and texture features as vector, support vector

machine as learning tool, the accuracy of automatic recognition of forest fire was improved. The results showed that the new color feature ex-

traction method is suitable for forest fire identification, support vector machine multi-feature fusion can be successfully used for forest fire auto-

matic recognition.
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