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EO-1 Hyperion Remote Sensing Image Classification Based on SVM
MAO Xue-gang et al
Abstract
filtering and other processing were conducted, using support vector machine classification method to classify, choosing different kernel func-

(Forestry School, Northeast Forestry University, Harbin, Heilongjiang 150040 )
This research is based on the EO-1 Hyperion hyperspectral remote sensing data, the atmospheric correction, geometric correction,

tion, mainly including linear kernel, polynomial kernel, radial basis kernel, Sigmoid kernel, the rest of the same parameter setting, the effects
of different kernel function in EO-1 Hyperion data classification were compared. The results show that: the use of support vector machine clas-
sification method to the research area of EO-1 Hyperion remote sensing data, using different kernel function has little effect on the classification

results.
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