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Network Intrusion Detection Model Based on Algorithm Combining with Information Entropy and K-means
ZHU Xian-rui et al

Abstract Traditional K-means algorithm had randomness in selecting initial cluster center, which was the key factor that influenced the clus-
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tering results. Using information entropy to auxiliary select the cluster center, an algorithm combining information entropy with K-means was
put forward, and a network intrusion detection model based on the algorithm was constructed, this model can detect the abnormal intrusion and
make the cluster center change along with the network changes dynamically, which can improve the intrusion detection effect. Experiment re-

sults show that this model is feasible and effective.
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