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Abstract The atmospheric correction, geometric correction, cutting were conducted on GF-1 satellite images. The cross validation grid optimi-
zation was made in Matalb platform by Libsvm 4.0. The best penalty coefficient of support vector machine classifier was 45, and sensitivity coeffi-
cient was 0.31. The results showed that the classification accuracy was 94.6% , and the extraction accuracy can meet the high resolution remote
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sensing images in dynamic monitoring of urban green space.
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Fig.1 The images of the research area
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Fig.2 The extraction results of green space by support vector

machine classifier
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Fig.3 The extraction results of green space by ISODATA meth-
od
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Table 1 The extraction comparison of green space by two extraction

methods %o
FEPOT APRERE HPOREEE BRI Kappa REL
Extraction Production User Overall Kappa
method accuracy  accuracy  accuracy  coefficient
SR RO 75.8 78.3 94.7 95.3
Support vector
machine classifier
ISODATA $HU)rv% 51.3 58.6 69.5 70.2
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