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Abstract
of peanut industry on labor and simplify the seed selection process, a method of peanut seed appearance quality detection and classification

(Zhongkai University of Agriculture and Engineering, Guangzhou, Guangdong
[ Objective | The effective classification of peanut seeds was an important link in peanut breeding. In order to reduce the dependence

based on machine vision was proposed. [ Method ] The image of single peanut seed was collected in the same environment, and the regression
model between the image prime number and the actual quality of peanut seed object was established. The classification task was completed by
using support vector machine (SVM) classification model with the main characteristics of peanut seed size and appearance color. [ Result ] The
classification accuracy of 12 categories was 86% , which met the preliminary classification requirements of peanut seeds in actual production.
[ Conclusion ] The selection of representative features of peanut seed image and the simplification of recognition samples make the classification
system more in line with the actual production needs. It has positive significance for different quality classification of the same peanut seed and

direct classification of different peanut seeds.
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Fig.1 Image of peanut seed sample
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Fig.2 Edge detection results
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Fig.3 Curve fitting of quality-pixel regression model
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Fig.5 Classification results of peanut seeds
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Table 1 Meaning of peanut seed classification code

i PN H /I
Color Big Medium Small
A Pink 1 5 9
48 Purple 2 6 10
2T Red 3 7 11
HAlh Others 4 8 12
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