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Research on the Extraction of Discrete Water Body in Wetland Based on Medium-resolution Image—Taking Altay Kekesu Wetland
in Xinjiang as an Example
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Abstract  Firstly ,multi-spectral images of Landsat8 OLI and GF-1 WFV satellites were used to classify the discrete water bodies in Altay
Kekesu Wetland in Xinjiang respectively by support vector machine model and maximum likelihood model, so as to select the best classification
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model. Then, the gray level co-occurrence matrix texture feature, Getis index feature and Moran’l index feature were extracted from Landsat8
OLI and GF-1 WFV images, respectively,and corresponding multispectral images were combined seven kinds of combinations, including the o-
riginal multispectral image feature set. The selected best classification model was used to extract discrete water bodies from the feature sets, and
the accuracy test results were compared. The results showed that the multi-spectral images of Landsat8 OLI and GF-1 WFV satellites could sig-
nificantly improve the classification accuracy by introducing Getis index feature and grayscale co-existing matrix texture feature at the same
time, which made the Kappa coefficient of Landsat8 OLI image increase from 0. 815 7 to 0. 922 3, and the overall accuracy increase from
94.25% to 97.50%. The Kappa coefficient of GF-1 WFV image was increased from 0. 832 6 to 0. 932 4, and the overall accuracy was in-
creased from 94.75% to 98.25%. It can be concluded that both Getis index and grayscale symbiosis matrix were introduced into multi-spectral

images as new characteristic bands at the same time, which had a positive effect on information extraction of discrete water bodies.
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Table 2 Classification accuracy test results of different feature combi-

nations
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