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It is critical to analysis and interpret the data in food processing. The software of MATLAB has been widely used in image recogni-

tion, automatic control and some other aspects. Some functions of MATLAB, such as Simulink, do well in simulating the production control,

quality assessment, forecasting and other aspects while dealing with the non-linear and non-stable food processing. MATLAB was introduced,

and its applications in grading, production control and quality evaluation in food processing were reviewed.
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